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Abstract
MicroRNAs (miRNAs) are a class of endogenous small non-coding RNA molecules that regulate post-transcriptional
expression of target genes and play important roles in animal development. The objectives of this study were to
characterize the egg miRNA transcriptome and identify novel egg-predominant miRNAs in rainbow trout. Small RNAs
isolated from mature unfertilized rainbow trout eggs were subjected to deep sequencing using an Illumina Genome
Analyzer. The massive sequencing produced 24,621,741 quality reads, among which, 266 known miRNAs were identified
and 230 putatively novel miRNAs were predicted. The most abundantly known miRNAs are let-7 and miR-21, accounting for
24.06% and 18.71% of the known miRNAs, respectively. Other known miRNAs which are abundantly present in eggs include
miR-24, miR-202, miR-148, miR-30, miR-10, miR-146, miR-25, and miR-143. Real time PCR analysis using cDNAs derived from
10 tissues validated 87 out of 90 selected putative miRNAs and identified three novel miRNAs predominantly expressed in
rainbow trout eggs. Each of these novel egg-predominant miRNAs is predicted to target a significant number of genes,
most of which are significantly down-regulated in naturally ovulated rainbow trout eggs based on analysis of publicly
available microarray data sets. Quantitative real time PCR analysis also demonstrated low expression of a selected number
of target genes in eggs relative to liver and muscle tissues. This study represents the first complete survey of miRNAs in fish
eggs and provides a starting point for future studies aimed at understanding the roles of miRNAs in controlling egg quality
and early embryogenesis in rainbow trout.
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Introduction
The small endogenous non-coding microRNAs (miRNAs) play
important roles in a wide range of biological processes, including
growth and development [1,2,3], proliferation [4], differentiation
[5], cancer or other diseases [6,7,8], aging and apoptosis [2,5].
Each miRNA is generated by RNA polymerase II driven
transcription of a miRNA gene in the nucleus and cleaved by
Drosha to form a pre-miRNA precursor, which is transported to
the cytoplasm and further processed by Dicer to form mature
functional miRNA [9,10]. It has been recognized that the actions
of miRNA are mainly through degradation of mRNA by perfect
or near perfect match of the target RNA, translational suppression
by imperfectly complement to the target RNA, and mediated
mRNA decay by directing rapid deadenylation of mRNAs
[9,10,11,12]. Recent studies have also revealed a less common
role of miRNA, that is, miRNAs can stabilize mRNAs and
enhance rather than decrease gene expression [13,14,15,16].
Analysis of miRNA targets has revealed that a single miRNA
could potentially bind to hundreds of transcripts and one
transcript might be regulated by multiple miRNAs
[17,18,19,20,21,22].
Rainbow trout is one of the most important cold water fish
species in the USA due to its importance for food production,
sport fisheries, and as a research model [23]. The egg of rainbow
trout is especially important because it is one of the determining
factors of embryo quality [24,25,26,27]. Production of high quality
rainbow trout eggs also has commercial values for egg suppliers.
For these reasons, rainbow trout egg quality and production have
been extensively studied [25,28,29,30,31]. Nevertheless, the egg
quality can be highly variable [24,32], partly because it involves
multiple developmental phases of oocyte maturation, vitellogen-
esis, and competent egg ovulation, in which regulation of maternal
RNA transcripts and proteins by miRNAs has been implicated
[17,33,34]. To date, studies of the molecular control of egg quality
have focused on the identification and characterization of
individual genes as well as the analysis of mRNA stockpile in the
eggs [35,36,37,38,39,40]. Identification and characterization of
egg-expressed miRNAs and discovery of novel egg-predominant
miRNAs would be an important step towards understanding of the
molecular mechanisms regulating egg quality.
Currently, more than 18,000 miRNA entries have been
reported (http://www.mirbase.org/, release 18), which might
regulate large proportions of genes in the transcriptome in various
cell types. Our initial attempts to clone miRNAs in rainbow trout
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have resulted in the discovery of a significant number of miRNAs
in early stage embryos [41] and pooled somatic tissues [42]. As
next generation sequencing technology has been proven to be
highly efficient in generating reproducible data, and detecting low-
expressed genes [43], it has been used for miRNA discovery in
chicken [4,44,45,46], pig [47], cattle [48], and human [49,50,51].
The objectives of this study were to provide a global miRNA
transcriptomic data of rainbow trout egg, and identify novel or
egg-predominant miRNAs that may ultimately be used as
molecular markers for egg quality and embryonic development
potential.
Results
Identification of known miRNAs and their expression
profile
A total of 24,621,741 reads were generated from a library
constructed with small RNAs isolated from rainbow trout eggs
using an Illumina GAIIx. After removing the ‘‘impurity’’
sequences, the remaining alignable reads (11,814,636) were used
for identification of known miRNAs and prediction of novel
miRNAs. The relative abundance of these mappable reads (15–
26 nts) is shown in Figure S1. The majority of them are in the
range of 21 to 26 nts, which account for 89.34% of the total
mappable reads. The top 4 abundant sizes are 22, 23, 24, and 25,
which account for 18.43%, 16.47%, 18.25%, and 15.34% of the
total reads, respectively.
Table 1 outlines results of next-generation sequence analysis for
miRNAs. Of the 2,358,585 reads that were mapped to miRBase,
a total of 8,986 unique sequences were identified which represents
266 miRNA families (Table S1). The identified miRNAs cover
a large proportion of reported miRNAs in Pisces, such as zebrafish
(Danio rerio), spotted green puffer (Tetraodon nigroviridis), and
Japanese pufferfish (Fugu rubripes) (Figure 1). Of the 266 known
miRNAs, 152 of them have been reported in our previous studies
[41,42]. The relative abundance of miRNAs varies greatly among
the known miRNAs. The top 10 most abundant miRNAs include
let-7, miR-21, miR-24, miR-202, miR-148, miR-30, miR-10,
miR-146, miR-25 and miR-143, accounting for 77.54% of the
2,358,585 reads mapped to miRBase (Figure 2). As reported in
other species, let-7 and miR-21 are the most abundant miRNAs in
our data set [51,52], accounting for 24.06% and 18.71% of the
known miRNAs, respectively.
Identification of novel and egg-predominant miRNAs
As the genome of rainbow trout has not been sequenced, we
used the zebrafish genome sequence to identify potentially novel
miRNAs from the miRNAs that were not matched to any
sequence in the miRBase. Based on the criteria that the extended
sequences (60 nts on both directions) at the aligned genome
locations have the propensity of forming hairpin structures, a total
of 230 novel miRNAs were predicted (Table S2). To determine if
the predicted novel miRNAs contain any egg-predominant
miRNAs, we performed real time PCR analysis on 90 randomly
selected miRNAs (reads ranging from 3 to 2025) using a panel of
cDNA samples from 10 rainbow trout tissues. Of the 90 miRNAs
tested, 87 showed specific amplifications as evaluated by melting
curve analysis, indicating that these are real miRNAs. Three novel
miRNAs (omy-miR-nov101-5p, omy-miR-nov147-5p, and omy-
miR-nov223-5p) showed predominant expression in eggs
(Figure 3).
Target prediction of the egg-predominat miRNAs
To provide a better understanding of the roles of these egg-
predominant miRNAs, the genes potentially targeted by these
miRNAs were predicted using two programs (miRanda and
PITA). The prediction was based on the degree of miRNA:target
sequence complementarity and the free energy level of RNA-RNA
duplexes. As the 39UTRs are the primary base-pairing region of
miRNAs [53], they were screened for binding with the egg-
Figure 1. Comparisons of the number of miRNAs (grey bar) of
Danio rerio, Tetraodon nigroviridis, Fugu rubripes (in miRbase) and
Oncorhynchus mykiss (published) [41,42] with the number of
known miRNAs (diagonal pattern fill bar) identified in rainbow
trout eggs.
doi:10.1371/journal.pone.0039649.g001
Figure 2. Relative abundance of known miRNAs in rainbow
trout eggs.
doi:10.1371/journal.pone.0039649.g002
Table 1. Number of high-throughput reads and unique
sequences generated from a rainbow trout egg small RNA
library.
Items Reads Unique sequences
Total 24,621,741 4,137,995
Aligned to genome 11,814,636 401,417
Aligned to miRbase 2,358,585 8,986
Unaligned 9,456,051 392,431
doi:10.1371/journal.pone.0039649.t001
Rainbow Trout Oocyte MicroRNA
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predominant miRNAs first, followed by the coding regions and the
59UTRs. Only the genes predicted by both programs were
considered as potential targets. The numbers of target genes for
the egg-predominant miRNAs range from 29 to 198 (Table 2 and
Table S4). Some genes are targeted both in the 39UTRs and the
coding regions while no genes are targeted in both the 39UTRs
and 59UTRs. Seven genes are targeted by both omy-miR-nov101-
5p and omy-miR-nov147-5p. In consistence with the known
modes of miRNA action, the modes of action of the egg-
predominant miRNAs include: 1) one miRNA targets a single
position in the 39UTR (Figure 4A), 2) multiple miRNAs target
different positions in the same 39UTR, and 3) one miRNA targets
both the 39UTR and the coding region of the same gene
(Figure 4B).
Analysis of target gene expression
In order to shed more light on the functions of the novel egg-
predominant miRNAs, microarray gene expression data from
naturally ovulated eggs, liver, and muscle samples (GenBank GEO
Series: GSE5928, GSE12031, and GSE16577) were used to
analyze the expression of the predicted target genes in these
tissues. Thirty seven predicted target genes have above 98%
sequence similarities to the cDNA entries on the microarrays, with
3 to 18 target genes for each of the 3 egg-predominant miRNAs. A
total of 6578 normalized and balanced gene expression values
were ranked with small rank value corresponding to low
expression level. A Kruskal-Wallis test was performed on the rank
values of the target genes to determine the differences in gene
expression among egg, liver, and muscle. Although the result did
not show statistically significant differences among the tissues, the
means of rank values for egg are in general smaller than those for
liver and muscle (Table S5). To further evaluate the expression of
the target genes in eggs relative to liver and muscle, quantitative
real time PCR was used to determine the expression of 3 to 4
selected genes for each miRNA. As shown in Figure 5, the
expression of most of the target genes is lower in eggs compared to
liver or muscle. This analysis indicates that expression of most of
the target genes of the egg-predominant miRNAs is negatively
associated with the abundance of the miRNAs.
Discussion
Fish eggs contain maternal mRNAs and proteins required for
early embryonic development after fertilization [26]. The essential
roles of miRNAs in regulating maternal mRNAs and supporting
early embryonic development have been well documented in
zebrafish [17,54]. Characterization of egg miRNA transcriptome
and identification of novel egg-predominant miRNAs is an
important step toward the understanding of the molecular
mechanisms regulating egg quality. The present study provided
a first survey of the miRNAs in rainbow trout eggs. In addition to
known miRNAs, putatively novel miRNAs were predicted in-
cluding three that showed predominant expression in eggs.
Further understanding the roles of these novel egg-predominant
miRNAs in controlling egg development may ultimately lead to
the identification of molecular markers for egg quality.
Under the circumstance where the genome of rainbow trout has
not been sequenced, the use of reference genomes from other
closely related species is essential for screening miRNAs from
rainbow trout deep sequencing data. A previous analysis of
BLASTX top-hit species distribution of gene annotations using
447 million rainbow trout transcriptome sequences, indicated that
rainbow trout genes had the highest homology to zebrafish (Danio
rerio) sequences in comparison to other fish species with known
genome sequences [42]. Therefore, the zebrafish genome was used
as a reference in our analysis to identify miRNAs from our
sequencing data. Consistent with the whole genome transcriptome
analysis, the identified miRNAs from rainbow trout eggs shared
more miRNAs with zebrafish than with two other fish species
(Tetraodon nigroviridis and Fugu rubripes) (Figure 1). Phylogenetic
analysis and genetic mapping had suggested a chromosome
doubling event in zebrafish [55]. This feature was reflected by
known miRNAs identified from our data set (Table S1). For
example, for omy-miR-145-5p, omy-miR-199-5p, omy-miR-24-
3p, and omy-miR-338-3p, the isoforms of each of these miRNAs
appeared at several locations in zebrafish genome. Rainbow trout
is in a semi-tetraploid state with extensive recent genome
duplication events [23,56,57]. It is inferable that there exists
a more complex distribution of the miRNAs in the genome of
rainbow trout.
Real-time PCR has been proven to be a simple and accurate
method to identify and measure the expression levels of miRNAs
Figure 3. Quantitative real-time PCR analysis showing pre-
dominant expression of 3 novel miRNAs in eggs. cDNA samples
from 10 tissues including gill, liver, stomach, and head kidney, muscle,
egg, heart, small intestine, brain and spleen were used in real time PCR
analysis to identify novel miRNAs predominantly expressed in eggs. The
means of the normalized miRNA expression values for each sample
were calculated and expressed as relative fold changes (n = 3–4, mean
6 SEM). Different letters indicate significant difference at P,0.05. (A)
omy-miR-nov101-5p. (B) omy-miR-nov223-5p. (C) omy-miR-nov147-5p.
doi:10.1371/journal.pone.0039649.g003
Rainbow Trout Oocyte MicroRNA
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[58]. Using this approach, we analyzed 90 randomly selected
novel miRNAs to determine if they are real miRNAs. Based on
melting curve analysis, we validated 87 novel miRNAs that
showed specific amplifications. Using a panel of cDNA samples
from different tissues, we identified three miRNAs predominantly
expressed in eggs. In mammals, genes specifically expressed in
oocyte play important roles in oogenesis, ovarian folliculogenesis,
fertilization, and early embryonic development [59,60]. Likewise,
as important regulators of gene expression, miRNAs specifically or
predominantly expressed in oocyte/egg may control the expres-
sion of genes important for the aforementioned processes.
Due to the challenge in experimental validation of miRNA
targeted genes, computational prediction remains the only source
for a rapid identification of putative miRNA targets [61,62]. To
date, many miRNA target prediction programs have been
published. In this study, we chose the widely used algorithms of
miRanda and PITA to predict miRNA targets [62,63,64].
MiRanda was initially developed for predicting miRNA targets
in Drosophila and was later extended to identify miRNA targets in
mammals and zebrafish [65]. It relies on the evolutionary
relationship between miRNAs and their targets. This tool
estimates the energy of physical interaction between sequence
matching of miRNA:mRNA pairs in an mRNA, and then
calculates a score based on the matches, mismatches, and gaps
with a false positive rate of 24% [65]. PITA is a parameter-free
model for miRNA-target interaction that computes the difference
between the free energy gained from the formation of the miRNA-
target duplex and the energetic cost of unpairing the target to
make it accessible to the miRNA [66]. This model was proven to
be more accurate than many existing algorithms. In addition, it
takes into account the secondary structure of the miRNA-target
hybrid. A combination of the miRanda and PITA algorithms
could result in less reliance on seed matches but greater knowledge
of target availability. The use of high score cutoff of miRanda
would lead to more reliable prediction of targets in our data set
[61,67]. The mode of miRNA action has been reported mainly
through targeting 39UTR [20,68]. It has also been reported that
some miRNAs coordinately down-regulate multiple targets
[69,70]. In consistence with the above observations, the egg-
predominant miRNAs showed diversified modes of targeting,
indicating the complicated regulatory networks of these miRNAs.
Using microarray gene expression data from a previous study to
identify genes important for egg maturation and ovulation process
in rainbow trout [38], we analyzed the expression of the target
genes of the egg-predominant miRNAs in eggs relative to liver and
muscle. Although the analysis did not show significant differences
in the expression levels of the target genes in eggs compared to
liver and muscle, real time PCR analysis did show lower
expression of many of the target genes in eggs (Figure 5),
indicating that the abundance of the target genes in eggs is
negatively associated with the abundance of the miRNAs. Recent
studies have reported that miRNA activity is suppressed in mouse
oocytes and early embryos [71,72], suggesting that the abundance
of miRNAs in eggs may have no effect on the expression of their
target genes. Further studies are needed to determine if the egg-
predominant miRNAs are responsible for down-regulated expres-
sion of the predicted target genes in eggs.
Figure 4. The modes of miRNA targeting for the egg-predominant miRNAs. (A) One miRNA targets a single position in the 39UTR. (B)
Multiple miRNAs target different positions in the same 39UTR or one miRNA targets both the 39UTR and the coding region of the same gene. The
coding regions are represented by open boxes. Arrows indicate relative locations of the targeting sites.
doi:10.1371/journal.pone.0039649.g004
Table 2. Number of target genes of the novel egg-
predominant miRNAs predicted by both miRanda and PITA
programs.
miRNA 39UTR
39UTR+Coding
region 39UTR+5’UTR
omy-miR-nov101-5p 130 26 0
omy-miR-nov223-5p 29 0 0
omy-miR-nov147-5p 193 5 0
doi:10.1371/journal.pone.0039649.t002
Rainbow Trout Oocyte MicroRNA
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In conclusion, this study represents the first characterization of
miRNA transcriptome in fish eggs and provides a starting point for
future studies aimed at understanding the roles of miRNAs in
controlling egg quality and embryogenesis in rainbow trout.
Materials and Methods
Ethics statement
All experiments were conducted under approval of the USDA/
ARS National Center for Cool and Cold Water Aquaculture
Institutional Animal Care and Use Committee, protocol #50.
RNA isolation
Mature rainbow trout eggs were collected by gently squeezing
the anesthetized females reared under standard condition in the
National Center for Cool and Cold Water Aquaculture (Kear-
neysville, WV). Tissue samples including gill, liver, stomach, head
kidney, muscle, heart, small intestine, brain, and spleen were also
collected from adult rainbow trout. All samples were frozen in
liquid nitrogen and stored in 280uC until extraction of RNA.
Total RNA from the eggs and tissue samples was isolated using
Trizol reagent (Invitrogen, Carlsbad, CA) according to the
manufacturer’s instructions. RNA isolated from eggs was further
purified by lithium chloride precipitations.
Sequencing and analysis of egg miRNAs
Sequencing of miRNAs was performed by LC Sciences
(Huston, TX). In brief, small RNA fraction of 15–50 nts from
egg total RNA was isolated from a 15% Tris-Borate-EDTA-Urea
polyacrylamide gel. Following ligations of the small RNAs with
SRA 59 and 39 adaptors (Illumina, San Diego, CA), the RNAs of
64–99 nts were isolated through gel elution and ethanol pre-
cipitation. After reverse transcription, the cDNAs were used for
cluster generation on an Illumina’s cluster station and then
sequenced on an Illumina GAIIx following manufacturer’s
instructions.
The software package, ACGT101-miR v3.5 (LC Sciences,
Houston, TX), was used for analyzing the sequencing data.
‘‘Impurity’’ sequences including sequences with low resolution,
copy number less than 3 and length less than 15 nts or larger than
26 nts, adapter sequences, junk sequences (such as .= 80% of
A,C, G or T; .= 3 Ns; only A, C, or only G, T), and simple
sequence were filtered. In addition, the sequences mapping to the
databases of mRNA, RFam and Repbase were also removed. The
remaining sequences were used to BLAST against Pisces miRNAs
in the miRbase database (release 16) and published rainbow trout
miRNAs [41,42] to identify known miRNAs (mismatch: ,2 bases;
E-values: ,0.005) [73,74]. The remaining sequences that did not
match known miRNAs were mapped to zebrafish (Danio rerio)
genome to identify potentially novel miRNAs. Novel miRNAs
were predicted if the extended sequences at the mapped positions
have the propensity of forming hairpin structures.
Validation and analysis of novel miRNA expression
Ninety predicted novel miRNAs were selected for validation by
quantitative real time PCR analysis. To identify novel miRNAs
specifically or predominantly expressed in eggs, a panel of 10
samples including eggs was used in the analysis (n = 3–4). Two mg
of DNase-treated RNA were converted to cDNA using miScript
reverse transcriptase mix (Qiagen, Valencia, CA). The cDNA was
then used for real time PCR quantification of miRNAs using
miRNA specific primers (Table S3) in combination with the
miScript universal primer (Qiagen, Valencia, CA). Rainbow trout
b-actin (TC69887) and Histone H2A (TC85036) genes were used
as endogenous controls. (primers shown in Table S3). Quantitative
real-time PCR was performed on a Bio-Rad CFX96 system. The
iQTM SYBRH Green Supermix (Bio-Rad, Hercules, CA) was used
in 20-ml reaction volume containing 100 mM of each primer and
3 ml of diluted (4 times) cDNA. Cycling parameters were 95uC for
Figure 5. Quantitative real-time PCR analysis of the expression
of a selected number of target genes in eggs relative to liver
and muscle. cDNA samples from egg, liver, and muscle (n = 3) were
used in the analysis. The means of the normalized gene expression
values for each sample were calculated and expressed as relative fold
changes. Arrows indicate undetectable expression. (A) omy-miR-
nov101-5p. (B) omy-miR-nov223-5p. (C) omy-miR-nov147-5p.
doi:10.1371/journal.pone.0039649.g005
Rainbow Trout Oocyte MicroRNA
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3 min followed by 40 cycles of 95uC for 10 sec and 53uC or 60uC
for 1 min. Melting curve analyses were programmed following the
amplifications. Standard curves for all miRNAs and the endog-
enous controls were constructed using 10 fold serial dilutions of
a pooled cDNA sample. For each sample, the quantity of the
specific miRNAs and the reference genes was determined from
respective standard curves. The quantity of the specific miRNAs
was then divided by the quantity of the reference genes (geometric
mean of the 2 reference genes) to obtain a normalized value. Mean
differences in expression levels were reported as relative fold
changes using the lowest expression value as a calibrator. One way
ANOVA was performed to analyze miRNA expression using R.
Multiple comparisons were used to determine the differences in
miRNA expression among different tissues. Different letters
indicate significant differences (P,0.05).
Identification of miRNA targets via computational
analysis
To identify the target genes of the egg-predominant miRNAs,
the approximate 39UTRs of rainbow trout transcripts were first
identified. BLASTX was used to identify the homologous genes
between zebrafish (Danio rerio) protein sequences and gene model
sequences of rainbow trout. Zebrafish protein sequences of 36,446
genes were downloaded from Ensembl (http://www.ensembl.org/
). After filtering out these genes without sequence, we obtained
32,953 protein sequences. Rainbow trout gene model sequences of
90,018 sequences were obtained from TGI (http://compbio.dfci.
harvard.edu/tgi/). The major options for BLASTX included
query filter of low complexity sequences, no gaps, and a window
size of six, and the cut-off criteria applied to BLASTX output
included an E-value of 10 and a match of at least 60 percent to the
shorter sequence of either query or subject. If more than one gene
was matched, the one with maximal match was regarded as the
homolog in rainbow trout. We then fetched 7442 approximate
59UTRs, 14,788 coding regions and 15,387 39UTRs for all
matched genes. Since 59UTR typically varies from 60,90 nts, we
cut 60 nts of upstream sequences from the 59 end matches of
protein sequences of zebrafish and cDNA of rainbow trout. The
approximate 39UTRs start from 39end matches to the end of
cDNAs. The cDNA sequences corresponding to the zebrafish
protein sequences were treated as the approximate coding regions.
We analyzed 15,387 39UTRs by two widely used miRNA target
prediction algorithms, miRanda (http://www.microrna.org/ mi-
crorna/home.do) [65] and PITA (http://genie.weizmann.ac.il/
pubs/mir07/mir07_exe.html) [66]. The thresholds of miRanda
for candidate target sites were S.= 140 and DG,217 kcal/mol,
where S is the sum of single-residue-pair match scores over the
alignment trace and DG is the free energy of duplex formation
from a completely dissociated state which was calculated using the
Vienna package [65]. The default parameters were used for PITA
[67]. In addition to the 39UTRs, 59UTRs and coding sequences
were also analyzed.
Target gene expression analysis
Microarray gene expression data for egg, liver and muscle were
obtained from NCBI GenBank database (GEO Series: GSE5928,
GSE12031 and GSE16577). The ranked gene expression values
were calculated from four egg (GSM137755, GSM137756,
GSM137742 and GSM137743), three liver (GSM304071,
GSM304072 and GSM304080) and three muscle samples
(GSM416734, GSM416735 and GSM416736). A total of 9152
gene expression values were obtained, of which 6578 are balanced
values. A Kruskal-Wallis test was performed on the rank values of
the target genes to determine the differences in gene expression
among egg, liver, and muscle. For real time PCR analysis, three to
four target genes for each egg-predominant miRNA were selected
with minimum free energy of hybridization between the miRNAs
and their target genes ranging from 234.5 to 219.8 Kcal/mol
(Table S6). The real time PCR assay was performed as previously
described [75] using primers shown in Table S6. Data normal-
ization was performed as described above in the real time PCR
analysis of miRNA expression.
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high-throughput sequences.
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Table S1 Known miRNAs identified from rainbow trout
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(XLSX)
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miRNA expression.
(XLSX)
Table S4 Predicted target genes of the egg-predominant
miRNAs.
(XLSX)
Table S5 Relative expression levels of genes targeted by
egg-predominant miRNAs in egg, liver and muscle.
(XLSX)
Table S6 Selected target genes, minimum free energy,
and primers used for real time PCR.
(XLSX)
Author Contributions
Conceived and designed the experiments: JY HM CER. Performed the
experiments: HM. Analyzed the data: HM HW. Contributed reagents/
materials/analysis tools: MH CER. Wrote the paper: HM JY.
References
1. Sta˚hlberg A, Bengtsson M (2010) Single-cell gene expression profiling using
reverse transcription quantitative real-time PCR. Methods 50: 282–288.
2. Somel M, Guo S, Fu N, Yan Z, Hu HY, et al. (2010) MicroRNA, mRNA, and
protein expression link development and aging in human and macaque brain.
Genome Research 20: 1207–1218.
3. Blelloch R, Suh N, Baehner L, Moltzahn F, Melton C, et al. (2010) MicroRNA
Function Is Globally Suppressed in Mouse Oocytes and Early Embryos. Current
Biology 20: 271–277.
4. Burnside J, Ouyang M, Anderson A, Bernberg E, Lu C, et al. (2008) Deep
Sequencing of Chicken microRNAs. BMC Genomics 9: 185.
5. Xu P, Guo M, Hay BA (2004) MicroRNAs and the regulation of cell death.
Trends Genet 20: 617–624.
6. Bannister SC, Tizard MLV, Doran TJ, Sinclair AH, Smith CA (2009) Sexually
Dimorphic MicroRNA Expression During Chicken Embryonic Gonadal
Development. Biology of Reproduction 81: 165–176.
7. Zhang L, Volinia S, Bonome T, Calin GA, Greshock J, et al. (2008) Genomic
and epigenetic alterations deregulate microRNA expression in human epithelial
ovarian cancer. Proceedings of the National Academy of Sciences 105: 7004–
7009.
8. Voinnet O, Navarro L, Dunoyer P, Jay F, Arnold B, et al. (2006) A plant
miRNA contributes to antibacterial resistance by repressing auxin signaling.
Science 312: 436–439.
9. Bartel DP (2004) MicroRNAs: Genomics, biogenesis, mechanism, and function.
Cell 116: 281–297.
Rainbow Trout Oocyte MicroRNA
PLoS ONE | www.plosone.org 6 June 2012 | Volume 7 | Issue 6 | e39649
10. Zhang BH, Wang QL, Pan XP (2007) MicroRNAs and their regulatory roles in
animals and plants. Journal of Cellular Physiology 210: 279–289.
11. Eulalio A, Huntzinger E, Izaurralde E (2008) Getting to the root of miRNA-
Mediated gene silencing. Cell 132: 9–14.
12. McDaneld TG (2009) MicroRNA: Mechanism of gene regulation and
application to livestock. Journal of Animal Science 87: E21–E28.
13. Chen Y, Banda M, Speyer CL, Smith JS, Rabson AB, et al. (2010) Regulation of
the expression and activity of the antiangiogenic homeobox gene GAX/
MEOX2 by ZEB2 and microRNA-221. Mol Cell Biol 30: 3902–3913.
14. Ma F, Liu XG, Li D, Wang P, Li N, et al. (2010) MicroRNA-466l Upregulates
IL-10 Expression in TLR-Triggered Macrophages by Antagonizing RNA-
Binding Protein Tristetraprolin-Mediated IL-10 mRNA Degradation. Journal of
Immunology 184: 6053–6059.
15. Place RF, Li LC, Pookot D, Noonan EJ, Dahiya R (2008) MicroRNA-373
induces expression of genes with complementary promoter sequences. Proceed-
ings of the National Academy of Sciences of the United States of America 105:
1608–1613.
16. Vasudevan S, Tong YC, Steitz JA (2007) Switching from repression to
activation: MicroRNAs can up-regulate translation. Science 318: 1931–1934.
17. Giraldez AJ, Mishima Y, Rihel J, Grocock RJ, Van Dongen S, et al. (2006)
Zebrafish MiR-430 promotes deadenylation and clearance of maternal mRNAs.
Science 312: 75–79.
18. He J, Zhang JF, Yi C, Lv Q, Xie WD, et al. (2010) miRNA-Mediated Functional
Changes through Co-Regulating Function Related Genes. PLoS One 5: –.
19. Jin H, Tuo W, Lian H, Liu Q, Zhu XQ, et al. (2010) Strategies to identify
microRNA targets: new advances. N Biotechnol 27: 734–738.
20. Lewis BP, Burge CB, Bartel DP (2005) Conserved seed pairing, often flanked by
adenosines, indicates that thousands of human genes are microRNA targets. Cell
120: 15–20.
21. Lujambio A, Calin GA, Villanueva A, Ropero S, Sanchez-Cespedes M, et al.
(2008) A microRNA DNA methylation signature for human cancer metastasis.
Proceedings of the National Academy of Sciences of the United States of
America 105: 13556–13561.
22. Wienholds E, Plasterk RHA (2005) MicroRNA function in animal development.
Febs Letters 579: 5911–5922.
23. Thorgaard GH, Bailey GS, Williams D, Buhler DR, Kaattari SL, et al. (2002)
Status and opportunities for genomics research with rainbow trout. Comp
Biochem Physiol B Biochem Mol Biol 133: 609–646.
24. Aegerter S, Jalabert B (2004) Effects of post-ovulatory oocyte ageing and
temperature on egg quality and on the occurrence of triploid fry in rainbow
trout, Oncorhynchus mykiss. Aquaculture. 59–71.
25. Bonnet E, Fostier A, Bobe J (2007) Characterization of rainbow trout egg
quality: a case study using four different breeding protocols, with emphasis on
the incidence of embryonic malformations. Theriogenology 67: 786–794.
26. Lubzens E, Young G, Bobe J, Cerda J (2010) Oogenesis in teleosts: How fish
eggs are formed. General and Comparative Endocrinology 165: 367–389.
27. Rime H, Guitton N, Pineau C, Bonnet E, Bobe J, et al. (2004) Post-ovulatory
ageing and egg quality: a proteomic analysis of rainbow trout coelomic fluid.
Reprod Biol Endocrinol 2: 26.
28. Bromage N, Jones J, Randall C, Thrush M, Davies B, et al. (1992) Broodstock
Management, Fecundity, Egg Quality and the Timing of Egg-Production in the
Rainbow-Trout (Oncorhynchus-Mykiss). Aquaculture 100: 141–166.
29. Serezli R, Guzel S, Kocabas M (2010) Fecundity and Egg Size of Three
Salmonid Species (Oncorhynchus mykiss, Salmo labrax, Salvelinus fontinalis)
Cultured at the Same Farm Condition in North-Eastern, Turkey. Journal of
Animal and Veterinary Advances 9: 576–580.
30. Springate JRC, Bromage NR, Elliott JAK, Hudson DL (1984) The timing of
ovulation and stripping and their effects on the rates of fertilization and survival
to eying, hatch and swim-up in the rainbow trout (Salmo gairdneri R.).
Aquaculture 43: 9.
31. Vassallo-Agius R, Watanabe T, Yoshizaki G, Satoh S, Takeuchi Y (2001)
Quality of eggs and spermatozoa of rainbow trout fed an n-3 essential fatty acid-
deficient diet and its effects on the lipid and fatty acid components of eggs, semen
and livers. Fisheries Science 67: 818–827.
32. Su GS, Liljedahl LE, Gall GAE (1997) Genetic and environmental variation of
female reproductive traits in rainbow trout (Oncorhynchus mykiss). Aquaculture
154: 115–124.
33. Amanai M, Brahmajosyula M, Perry ACF (2006) A restricted role for sperm-
borne microRNAs in mammalian fertilization. Biology of Reproduction 75:
877–884.
34. Carletti MZ, Christenson LK (2009) MicroRNA in the ovary and female
reproductive tract. Journal of Animal Science 87: E29–E38.
35. Aegerter S, Jalabert B, Bobe J (2003) mRNA stockpile and egg quality in
rainbow trout (Oncorhynchus mykiss). Fish Physiology and Biochemistry 28:
317–318.
36. Aegerter S, Jalabert B, Bobe J (2005) Large scale real-time PCR analysis of
mRNA abundance in rainbow trout eggs in relationship with egg quality and
post-ovulatory ageing. Mol Reprod Dev 72: 377–385.
37. Bobe J, Mahe S, Nguyen T, Rime H, Vizziano D, et al. (2008) A novel,
functional, and highly divergent sex hormone-binding globulin that may
participate in the local control of ovarian functions in salmonids. Endocrinology
149: 2980–2989.
38. Bobe J, Montfort J, Nguyen T, Fostier A (2006) Identification of new participants
in the rainbow trout (Oncorhynchus mykiss) oocyte maturation and ovulation
processes using cDNA microarrays. Reproductive Biology and Endocrinology 4:
–.
39. Bobe J, Nguyen T, Jalabert B (2004) Targeted gene expression profiling in the
rainbow trout (Oncorhynchus mykiss) ovary during maturational competence
acquisition and oocyte maturation. Biology of Reproduction 71: 73–82.
40. Ramachandra RK, Lankford SE, Weber GM, Rexroad CE 3rd, Yao J (2007)
Identification of OORP-T, a novel oocyte-specific gene encoding a protein with
a conserved oxysterol binding protein domain in rainbow trout. Mol Reprod
Dev 74: 502–511.
41. Ramachandra RK, Salem M, Gahr S, Rexroad CE 3rd, Yao J (2008) Cloning
and characterization of microRNAs from rainbow trout (Oncorhynchus mykiss):
their expression during early embryonic development. BMC Dev Biol 8: 41.
42. Salem M, Xiao C, Womack J, Rexroad CE 3rd, Yao J (2010) A microRNA
repertoire for functional genome research in rainbow trout (Oncorhynchus
mykiss). Mar Biotechnol (NY) 12: 410–429.
43. Marioni JC, Mason CE, Mane SM, Stephens M, Gilad Y (2008) RNA-seq: an
assessment of technical reproducibility and comparison with gene expression
arrays. Genome Research 18: 1509–1517.
44. Glazov EA, Cottee PA, Barris WC, Moore RJ, Dalrymple BP, et al. (2008) A
microRNA catalog of the developing chicken embryo identified by a deep
sequencing approach. Genome Research 18: 957–964.
45. Hicks JA, Tembhurne P, Liu HC (2008) MicroRNA expression in chicken
embryos. Poult Sci 87: 2335–2343.
46. Rathjen T, Pais H, Sweetman D, Moulton V, Munsterberg A, et al. (2009) High
throughput sequencing of microRNAs in chicken somites. Febs Letters 583:
1422–1426.
47. Sharbati S, Friedlander MR, Sharbati J, Hoeke L, Chen W, et al. (2010)
Deciphering the porcine intestinal microRNA transcriptome. BMC Genomics
11: –.
48. Glazov EA, Kongsuwan K, Assavalapsakul W, Horwood PF, Mitter N, et al.
(2009) Repertoire of bovine miRNA and miRNA-like small regulatory RNAs
expressed upon viral infection. PLoS One 4: e6349.
49. Creighton CJ, Benham AL, Zhu HF, Khan MF, Reid JG, et al. (2010) Discovery
of Novel MicroRNAs in Female Reproductive Tract Using Next Generation
Sequencing. PLoS One 5: –.
50. Morin RD, O’Connor MD, Griffith M, Kuchenbauer F, Delaney A, et al. (2009)
Application of massively parallel sequencing to microRNA profiling and
discovery in human embryonic stem cells (vol 18, pg 610, 2008). Genome
Research 19: 958–958.
51. Vaz C, Ahmad HM, Sharma P, Gupta R, Kumar L, et al. (2010) Analysis of
microRNA transcriptome by deep sequencing of small RNA libraries of
peripheral blood. BMC Genomics 11: 288.
52. Xu S, Witmer PD, Lumayag S, Kovacs B, Valle D (2007) MicroRNA (miRNA)
transcriptome of mouse retina and identification of a sensory organ-specific
miRNA cluster. J Biol Chem 282: 25053–25066.
53. Betel D, Wilson M, Gabow A, Marks DS, Sander C (2008) The microRNA.org
resource: targets and expression. Nucleic Acids Res 36: D149–153.
54. Giraldez AJ, Cinalli RM, Glasner ME, Enright AJ, Thomson JM, et al. (2005)
MicroRNAs regulate brain morphogenesis in zebrafish. Science 308: 833–838.
55. Amores A, Force A, Yan YL, Joly L, Amemiya C, et al. (1998) Zebrafish hox
clusters and vertebrate genome evolution. Science 282: 1711–1714.
56. Allendorf FW, Thorgaard, G H. (1984) Tetraploidy and the evolution of
salmonid fishes. In: Turner BJ, editor. Evolutionary genetics of fishes. New York:
Plenum Press. 1–53.
57. Rexroad CE 3rd, Palti Y, Gahr SA, Vallejo RL (2008) A second generation
genetic map for rainbow trout (Oncorhynchus mykiss). BMC Genet 9: 74.
58. Lu DP, Read RL, Humphreys DT, Battah FM, Martin DI, et al. (2005) PCR-
based expression analysis and identification of microRNAs. J RNAi Gene
Silencing 1: 44–49.
59. Dean J (2002) Oocyte-specific genes regulate follicle formation, fertility and early
mouse development. J Reprod Immunol 53: 171–180.
60. Zheng P, Dean J (2007) Oocyte-specific genes affect folliculogenesis, fertilization,
and early development. Semin Reprod Med 25: 243–251.
61. John B, Enright AJ, Aravin A, Tuschl T, Sander C, et al. (2004) Human
MicroRNA targets. Plos Biology 2: 1862–1879.
62. Alexiou P, Maragkakis M, Papadopoulos GL, Reczko M, Hatzigeorgiou AG
(2009) Lost in translation: an assessment and perspective for computational
microRNA target identification. Bioinformatics 25: 3049–3055.
63. Chandra V, Girijadevi R, Nair AS, Pillai SS, Pillai RM (2010) MTar:
a computational microRNA target prediction architecture for human tran-
scriptome. BMC Bioinformatics 11 Suppl 1: S2.
64. Griffiths-Jones S, Grocock RJ, van Dongen S, Bateman A, Enright AJ (2006)
miRBase: microRNA sequences, targets and gene nomenclature. Nucleic Acids
Res 34: D140–144.
65. Enright AJ, John B, Gaul U, Tuschl T, Sander C, et al. (2003) MicroRNA
targets in Drosophila. Genome Biology 5: R1.
66. Kertesz M, Iovino N, Unnerstall U, Gaul U, Segal E (2007) The role of site
accessibility in microRNA target recognition. Nat Genet 39: 1278–1284.
67. Betel D, Koppal A, Agius P, Sander C, Leslie C (2010) Comprehensive modeling
of microRNA targets predicts functional non-conserved and non-canonical sites.
Genome Biology 11: –.
68. Linsley PS, Schelter J, Burchard J, Kibukawa M, Martin MM, et al. (2007)
Transcripts targeted by the microRNA-16 family cooperatively regulate cell
cycle progression. Mol Cell Biol 27: 2240–2252.
Rainbow Trout Oocyte MicroRNA
PLoS ONE | www.plosone.org 7 June 2012 | Volume 7 | Issue 6 | e39649
69. Ivanovska I, Ball AS, Diaz RL, Magnus JF, Kibukawa M, et al. (2008)
MicroRNAs in the miR-106b family regulate p21/CDKN1A and promote cell
cycle progression. Molecular and Cellular Biology 28: 2167–2174.
70. Grun D, Wang YL, Langenberger D, Gunsalus KC, Rajewsky N (2005)
microRNA target predictions across seven Drosophila species and comparison to
mammalian targets. PLoS Comput Biol 1: e13.
71. Suh N, Baehner L, Moltzahn F, Melton C, Shenoy A, et al. (2010) MicroRNA
Function Is Globally Suppressed in Mouse Oocytes and Early Embryos. Current
Biology 20: 271–277.
72. Ma J, Flemr M, Stein P, Berninger P, Malik R, et al. (2010) MicroRNA Activity
Is Suppressed in Mouse Oocytes. Current Biology 20: 265–270.
73. Buchold GM, Coarfa C, Kim J, Milosavljevic A, Gunaratne PH, et al. (2010)
Analysis of microRNA expression in the prepubertal testis. PLoS One 5: e15317.
74. Griffiths-Jones S (2010) miRBase: microRNA sequences and annotation. Curr
Protoc Bioinformatics Chapter 12: Unit 12 19 11–10.
75. Wang J, Salem M, Qi N, Kenney PB, Rexroad CE 3rd, et al. (2011) Molecular
characterization of the MuRF genes in rainbow trout: Potential role in muscle
degradation. Comp Biochem Physiol B Biochem Mol Biol 158: 208–215.
Rainbow Trout Oocyte MicroRNA
PLoS ONE | www.plosone.org 8 June 2012 | Volume 7 | Issue 6 | e39649
